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ABSTRACT: Generative Artificial Intelligence (AI) represents the volatile frontier of growth and research with a rapidly 
growing literature base. In this article, I create an empirical framework to evaluate the readiness of countries to adopt AI 
technology, approaching the topic from its impacts on business’ go-to-market strategy. I conduct a principal component analysis 
to illustrate the multi-dimensional nature of technology adoption. To increase real-world accuracy, I use unique variables that 
account for recent technological growth, such as cloud computing. Beyond quantitative analysis, I obtained qualitative data through 
interviews with business leaders at a publicly traded infrastructure software company that serves more than 300,000 customers, 
including most Fortune 2000 companies internationally. This mid-market software company has monitoring, observability, and 
IT management products. The qualitative data provides insights about the future transition to and transformation of generative 
AI technologies across industries and within businesses in different departments. These collective opinions have allowed me to 
corroborate contrasting aspects of AI growth and set the stage for future econometric developments that weigh both the positive 
and negative facets of adoption presented in this paper.  
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�   Introduction
Artificial Intelligence (AI) is currently on the frontier of 

technological change. AI has been used, especially AI and ma-
chine learning (AI/ML). But recently, people have been able 
to experience AI technologies at their fingertips. Even though 
most are aware of AI/ML’s existence, the rise of ChatGPT and 
other Generative AI technology chatbots has given people a 
hands-on experience with generative AI.

This paper will discuss how the growth of generative AI 
technologies has affected where AI will be adopted and imple-
mented internationally. The results of this paper will not only 
affect different companies’ go-to-market strategies for AI’s fu-
sion into existing technologies and the development of new AI 
technologies, but it will also provide an outlook of the target 
areas of product and organizational growth. First, I will discuss 
a framework to evaluate the readiness of countries to adopt AI 
technology and how I have picked variables. Then, I conduct 
a principal component analysis to illustrate the multi-dimen-
sional nature of technology adoption. To increase real-world 
accuracy, I use unique variables that account for recent tech-
nological growth, such as cloud computing. This forwards an 
international ranking for Generative AI technology adoption.

Additionally, as an intern at a publicly traded infrastructure 
software company that serves more than 300,000 customers, 
including most Fortune 2000 companies internationally, I 
have collected opinions through interviews and collaborative 
discussions regarding how industry leaders believe Generative 
AI technologies will transform and transfer across industries 
and within different departments. This mid-market software 
company has monitoring, observability, and IT management 
products. The qualitative data provides insightful thoughts 
about the future transition to and transformation of genera-

tive AI technologies across industries and within businesses in 
different departments. These collective opinions have allowed 
me to corroborate contrasting aspects of AI growth and set the 
stage for future econometric developments that weigh both the 
positive and negative facets of adoption presented in this paper.

Ultimately, the development of Generative AI technology 
will inevitably impact the labor markets, depending on how 
various industries address its implementation within their 
businesses. This paper combines qualitative and quantitative 
data to create a holistic picture of Generative AI’s adoption 
and implementation and, thus, its effects on global markets.

As mentioned, the prevalence of AI technologies and their 
research has grown in the past decade. Different countries are 
at different readiness levels, but as far as I can ascertain, this 
is one of the first papers that actively ranks countries through 
an index, highlighting its contribution to the literature and 
business’s go-to-market strategies commercially. Addition-
ally, the recent uptick in generative AI massively affects this 
study’s variables and qualitative analysis. AI technologies are 
already being used daily, but generative AI technologies face 
hesitance. Some have described AI and its adoption or readi-
ness for adoption thoroughly and globally but without focusing 
on generative AI technology, commercial usage as opposed to 
governmental readiness, and many cross-sectional variables.

The concept of country-by-country adoption and data sci-
ence related to how prior adoption of a new product in one 
country could affect adoption in other countries starts with 
diffusion models. These diffusion models set the path for 
understanding product growth and interaction as a science.1 
Slowly, conceptual models for adopting technology, specifically 
electronic business, grow based on the technology-organiza-
tion-environment (TOE) theoretical framework and a pros 
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and cons or facilitators and inhibitors approach.2 Shifting 
forward to more recently, many have researched what deter-
mines cloud computing adoption, primarily through the TOE 
framework for developing countries.3 This marks a shift in 
technological transition, of which many predict the next stage 
will be Artificial Intelligence technologies. However, the ef-
fectiveness of this macro-level framework analysis is limited 
without the complement of a micro-level, organization-spe-
cific framework.

This analysis across businesses starts in the public sector 
management domain, where empirical research emerges to 
substantiate the perception of AI by healthcare stakeholders 
in China.4 Now, a question emerges: are AI research and the 
fields that study societal trends keeping pace? The pace of 
AI’s evolution and spread across businesses has spiked.5 This 
is mainly because, despite challenges to AI implementations, 
organizations still use it in some capacity because it is an ef-
ficiency module in the workforce.6 Many have investigated 
the interpretability of AI and the correlated drivers, barriers, 
and social implications of AI adoption in business and man-
agement, a huge foundation of this paper but without focus 
on generative AI technology,7-10 which I will later discuss in 
greater detail. In addition, the first formal analysis of a modu-
lar or non-modular implementation of AI technology and how 
that is key to productivity and usage is introduced in 2021.11 
The analysis serves to contribute to overall organizational pro-
ductivity instead of focusing on individual tasks but instead 
interacting components that must be modular and coordinated 
in the technology sphere especially. In part, because of all this 
information, consolidating the growing body of knowledge 
about AI, specifically marketing, has been a big deal because 
marketing historically has been seen as a domain-dependent 
on creativity and human skills.12 This has alternatively also led 
to questions about the competitive landscape of AI technol-
ogy and its tensions with ethics and productivity compared 
to the aims of the United Nations’ Sustainable Development 
Goals (SDG 8).13 This is further implied by studies that aim to 
understand both positive and negative employee experiences 
due to AI and its implementation and how this creates “tech-
nostress.”14 After all, eleven components have generally been 
outlined for the effective adoption of AI technologies within 
an organization. These include communication, management 
support, training, ethics, reporting, enforcement, measurement, 
technical accompaniment, technical infrastructure, organiza-
tional structure, and an interdisciplinary approach.15

Beyond detailed examinations within and across specific 
businesses, there has been ample comparison of AI implemen-
tation across different industries. Chronologically, the concept 
of technology readiness and the impact of evolving technologies 
on it is observed across various industry sectors. For example, 
traveler satisfaction has been prevalent from a cross-country 
perspective, and mobile payment adoption or even smallholder 
farmers choosing between bull service and AI for dairy cow 
breeding have been predominant.16-18 More recently, interests 
have also evolved to areas such as the construction industry 
and how AI technology might have prospects in analyzing data 
by certain facets or even the Indian mining industry, where 

managers confront many challenges in adopting emerging 
technologies.19 AI can also be applied with machine learning 
algorithms in industries such as the forestry sector and bio-
diversity conservation interests across the globe.20 Although 
these are notable changes, the industry that seems to inter-
est onlookers the most is the healthcare industry, where AI 
is being used and tested further to analyze data. Accelerating 
the adoption of data-driven AI and, more generally, AI-en-
hanced care by focusing on healthcare providers’ resources in 
individual health systems has been of primary concern.21 Re-
garding financial services and FinTech, the Cambridge Centre 
for Alternative Finance and the World Economic Forum have 
contributed to AI’s role in current technological shifts, specif-
ically how it is currently being employed and faces risks and 
regulations as it is being implemented.22 Although there are 
comprehensive global analyses on AI adoption and readiness, 
they often lack a specific focus on generative AI technology 
and its commercial applications instead of governmental read-
iness. Moreover, these analyses include many cross-sectional 
variables, which might dilute the focus on generative AI.23 I 
explore this nexus of integration in Section 5.

�   Methods
Previous Indicators of AI readiness have considered vari-

ables based on three main factors: Governance, Technology, 
and Data and Infrastructure.

The first is governance, which indicates the strategic vision 
and capacity of the government and its ethics. This aims to in-
clude the adaptability of technology in each respective country. 
The next main analysis area is the technology sector pillar, ac-
counting for how mature a population is regarding innovation 
and human capital. The last group is data and infrastructure, 
a key area in which to analyze the representativeness and data 
availability that indicates a chosen country’s data. This also in-
cludes the infrastructures that determine if a population can 
access a certain technology in the first place.

In line with Oxford Insights’ Index,24 I aim to determine 
the path of adoption of generative AI technologies and how 
that affects populations, more specifically to the applications 
on how AI can tutor business growth, as opposed to a top-
down governmental approach. Previous attempts have focused 
on adopting different technologies, such as mobile services and 
the governmental adoption of AI technologies, as opposed to 
the availability of such services to consumers.

Ideally, this index would cover all the countries in the world. 
Still, there is limited data coverage for specific restrictive 
regimes of developing countries that the World Bank Devel-
opment Indicators, a major source of data collection in this 
index, cannot collect.

Ultimately, I concluded seven categories to account for an 
intersectional and whole approach: Technological Infrastruc-
ture, Regulatory Environment, Research and Development, 
cultural barriers, economic development, and International 
Collaboration.

The first category, like Oxford Insight’s index, accounts 
for the countries’ technological infrastructure through secure 
internet servers (per 1 million people), individuals using the 
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internet (% of the total population), and the GSMA mobile 
connectivity index.

The information and communications technology (ICT) 
exports, imports, services, overall government effectiveness 
(percentile rank upper bound of 90% confidence interval), and 
the Governmental AI Readiness Index were used to consid-
er the governmental regulations and regulatory environment. 
This is an important determiner of AI readiness because it 
illustrates the environment where AI can be supported.

Research and development of individual countries is anoth-
er important category to consider as AI is seen to be evolving 
in these areas, and the level of adoption can be more ques-
tionable or straightforward based on scientific presence across 
countries. This also tends to be a good statistic for educational 
attainment and skill. The Global Innovation Index, govern-
mental education expenditure (% of total expenditure), and 
labor force educational attainment (% of working-age popu-
lation) were used for this.

Next, it is important to include the societal effect of cultur-
al barriers and ethical considerations, especially regarding AI 
technology, which many have questioned. To account for this, 
the gender equality index and the economist democracy index 
were used. This is meant to serve as a marker of a society’s 
progressivity and accessibility to change.

The next set of variables concerns economic factors that may 
affect the variability of AI adoption. This includes factors that 
inculcate the stage of the economy as well. The variables here 
are employment in services (% of total employment), trade in 
services (% of GDP), the Human capital index, and GNI per 
capita (international dollar).

The final set of variables pertained to international collabo-
ration and cooperation. AI, the next frontier of technology, has 
seen many overseas contributions central to its understand-
ing and applications. The variables in this section are Foreign 
direct investment (net inflows, % of GDP) and international 
tourism expenditures (% of total imports).

Unlike previous studies that focus primarily on government's 
adoption and infrastructure, this study makes a contribution by 
integrating elements related to commercial adoption, such as 
the influence of cloud computing. It then combines this quan-
titative data with qualitative insights from business leaders, 
which helps to establish a fuller comprehension of AI read-
iness.

Following the standard PCA procedure, the tails of all 
variables are reduced by 1% up and down to eliminate the 
influence of extreme variables. Table 1 presents descriptive 
summary statistics for the variables used, exhibiting significant 
standard deviation and thus indicating that they can be subject 
to a PCA method.

Nineteen variables were used to ensure a comprehensive ap-
proach while retaining as many output countries as possible. 
PCA is a standard method for index creation with multiple 
variables, which was applied following the standard method-
ology of Baxter (1995) and Joliffe (2002).

First, correlations and normalizations are considered, and 
the variables are transformed when required. This involved 
trimming outliers (1 percent) from the data because PCA is 

not scale-invariant. All variables are then scaled to a range of 
100 based on a calculation of the ratio of the difference be-
tween the actual value of the variable and its minimum value 
to the difference between the maximum and minimum value, 
multiplied by 100. PCA produces the same number of com-
ponents as the number of variables used, which are linear 
combinations of the variables. The components were chosen 
so that the eigenvalue did not go beyond 1. The STATA ver-
sion 17 was used.

Specifically, the equation used is: 0.51/0.75∗𝑝𝑐𝑎1++0.12/
0.75∗𝑝𝑐𝑎2+0.05/0.75∗𝑝𝑐𝑎3+0.04/0.75∗𝑝𝑐𝑎4+0.03/0.75∗𝑝𝑐𝑎5.

�   Result and Discussion 
Quantitative Results:

Table 1: Descriptive Summary Statistics. This table provides an overview of 
the descriptive statistics for various variables. The data highlights disparities 
and similarities in technological and economic development across different 
regions through the different statistical measures.
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Discussion:
Figure 1 presents the global distribution of the AI readiness 

index. Almost all data is from 2022, meaning an average over 
time was unnecessary. Taken together, the European countries 
and developed countries tend to rank higher. This aligns with 
the literature surrounding the Eastern European sphere when 
discussing technological adoption instead of development, 
which is commonly outsourced to developing countries be-
cause of globalization. Countries like Ireland, the Netherlands, 
and the United States share similar market structures that are 
more liberal and share many technological connections built 
over the years by companies. The countries towards the bottom, 
as shown in Figure 3, such as Zambia, Mongolia, or Moldova, 
tend to face shortages on multiple faces, whether in educational 
attainment or technological development. This makes it harder 
for countries to encourage technological growth to the extent 
of the present, let alone the future, where Generative AI tech-
nology lies.

At the same time, Figure 2 shows that the selected top scores 
from the Index reflect high variability. The standard deviation 
is relatively high, meaning there is enough statistical variation 
to contribute to the analysis. Some key variables presented by 
the data in the table, such as the global innovation index, are 
very well reflected in the Index as countries that have topped 
the innovation index have similarly topped the AI readiness 
Index. However, side constraints such as the liberalization of 
policies, information, and communications technology collab-
oration (identified to be a key promoter of AI readiness, see 
Literature Review) because of trade or the governmental regu-
lation and the regulatory environment tend to hold these highly 
innovating countries back in terms of fast growth. However, it 
is important to note that slow growth is not necessarily bad 
for AI technologies, allowing them to grow sustainably and 
not pressuring labor in the economy to produce products that 
might face ethical or programmable concerns.25

It might be surprising why certain countries, especially 
those within Asia, need to rank higher on the AI Readiness 
and Adoption Index. Firstly, many countries expected to top 
this Index based on Oxford Insight’s Governmental AI Read-
iness Index’s predictions did not have enough data for the 
remaining 19 variables, meaning they could not be added to 
the scope of this Index. Additionally, the Index takes a more 
holistic approach, which is necessary when assessing AI readi-
ness. Although these countries may seem to be at the forefront 
regarding technology and its adoption, the adoption and read-
iness of an emerging new technology that poses unique threats 
to the economy and consumers necessitates different aspects 
of national economies. The variables corroborate these earlier 
aspects, especially regarding cultural barriers and governmental 
regulation variance.

In addition, although this index does aim to consider many 
cross-sectional data points and variables, it is important to note 
that a few areas of concern can be addressed more adequately 
in future research. First, based on the World Development In-
dicators, I struggled to quantify how the ethicality and trust in 
AI technologies could be reflected in the Index between each 
country. This variable is highly volatile and perception-based, 
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Figure 1: Global distribution of AI Readiness and Adoption Index.
Source: Authors’ calculations. This map illustrates the global disparities in 
AI readiness and adoption, with certain regions showing higher preparedness 
and implementation rates. Developed countries tend to have higher scores, 
reflecting better infrastructure and resources.

Figure 2: Select Top Scores and Results of AI Readiness and Adoption Index. 
Source: Authors’ calculations. This bar chart emphasizes the leading positions 
of select Western European countries. This trend highlights the advanced 
capabilities and investments these countries have made in AI technology.

Figure 3: Varied scores of top and bottom quartiles from the AI Readiness 
and Adoption Index.
Source: Author’s calculations. This chart contrasts the AI readiness and 
adoption scores between the highest and lowest-performing countries. These 
findings demonstrate a stark divide, showcasing regional differences and the 
effect of strong lag and weak diffusion.
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Some also mentioned unique aspects of implementation.
Look to the fashion industry and Ralph Lauren, which are an-
nouncing the testing of Generative AI technology. There’s no 
question whether people are open to trying or considering it. The 
question of eff icacy arises. Is generative AI creative? For this ex-
act reason, I do not think it will affect the labor market as much 
as people anticipate. People still need to inspect clothes, innovate, 
and design; ultimately, these products are all for people.
This is where the trend of value migration starts to emerge. 

What role will humans play if Generative AI can handle all 
the monotonous or programmable tasks?

The value shifts from people being able to code to people being 
able to come up with something AI could never have come up 
with. Or maybe society will start rejecting a world without labor 
and necessitate the humanization of products instead of alienat-
ing work from humans. It is a f ield of uncertainty.
One consistent theme, however, is that creativity will be a 

huge consideration for Generative AI. The natural underpin-
ning of any coded technology is that there will always be a 
programmer’s bias. These models are always trained on what is 
fed to them, and as a result, even when you ask ChatGPT for 
an answer, there is a specific formula that reverse programs can 
detect. This means that companies cannot rely on creativity 
from AI across industries.

Pop Culture – Fashion, music, screenwriting. People could ob-
serve a value migration to these areas. These seem to be evergreen 
because the bottom line is that humans must enjoy life, and if 
these give humans enjoyment, then they must be original, inno-
vative, yet classic. It’s the nature of performing arts, or any art 
for that matter.
At the same time, it may still be valuable to have Generative 

AI’s perspective or point of view on creative concepts, and AI 
can be used to help creative minds be more efficient.

This then goes on to affect pricing. There will be a premium 
for one or another—it’s all value migration. We could see this 
through a premium on well-qualif ied humans who are needed 
to give opinions or a premium for people who can work with AI 
and are qualif ied to do so at a higher level. This results in a pric-
ing dilemma—you can have AI for cheaper or humans for more 
expensive—because human time is always deemed more valu-
able. It’s the same reason concerts or concert tickets cost more, but 
buying a premium subscription to Spotify and listening to music 
for free costs much less or nothing.
To define the use of technology, industries need to evalu-

ate the value migration that AI brings to the table and assess 
the situation that an implementation of AI would bring to the 
products. Although many will work to perfect AI, its draw-
backs are where humans will hold on (e.g., creativity), and 
industries need to contextualize this individually as soon as 
possible before they are behind in this technological transition.

Qualitative observations support the quantitative findings 
in terms of showing that sectors having more developed tech-
nological frameworks, such as software and finance, are best 
positioned to effectively integrate AI. Sectors like healthcare, 
though slow at the beginning, have since scaled up their efforts 
owing to potential benefits associated with the same AI-pow-
ered operational efficiencies. This difference captures some 

making it hard to quantify precisely. Second, culture is a com-
ponent of this Index. However, more cultural concerns brought 
up by the UN’s Sustainable Development Goals, such as the 
worker’s place in labor and technology replacing those jobs, are 
also very volatile and perception-based variables. This tends 
to reflect larger societal norms in countries, based on how re-
laxed work is treated, the emphasis on productivity in society, 
or, in the cases of certain countries, if nationalism holds a hu-
man-centric approach to labor. These are a few gaps that this 
Index could not control.

Although quantitative analysis provides a good ground for 
understanding global readiness, proven by alignment with 
existing verified models such as the Oxford Insights model, 
because generative AI technologies have not been fully im-
plemented into countries’ governance and company products, 
it is difficult to validate this data with real-world empirics. As 
a result of this, I use qualitative insights from industry leaders, 
controlling for this factor and many others listed above, to offer 
an additional perspective on how these emerging trends take 
shape in the context of individual companies and industries.

Qualitative Outlook:
To complement the quantitative findings, I collected 

qualitative data to highlight how adaptive trends shift at an 
organizational level.

Unlike many papers analyzing the effects of Generative AI 
adoption, I received qualitative data or primary data directly 
from industry-leading professionals while interning, which I 
present in this section. This information is uniquely beneficial 
because it reflects the transition trend created in a rippling ef-
fect on the growing market. Through different sessions, I also 
gained other helpful insights that businesses may find useful 
to pursue. This section is broken into two parts. The first part 
describes certain professionals’ opinions regarding how Gen-
erative AI will affect different industries, such as fashion or 
technology. The second part comes from interviews with lead-
ers in individual parts of the organization, describing where 
they see AI fits into the future of their departments.

Industrial Causes and Effects:
The underlying question of how AI will be implemented 

in different industries is: What key factors define technology 
usage?

Probably the most tech-forward and richest industries [are f irst], 
but we may be surprised. Medicine and agriculture require the 
easiest innovation, and Generative AI will be f irst.
Notably, industry leaders are looking into Generative AI and 

how to harness its power from an organizational and efficien-
cy standpoint. However, they recognize that other industries 
might have different types of AI.

I need to point this out because depending on the different types 
of AI, my answer may differ seriously… Look to laser weeding 
or AI’s usage in Agriculture… It’s already there. The question 
is how we can use generative technology to make it run off the 
loop or without humans altogether. This sounds dangerous, but 
it’s important to consider that humans are usually the ones who 
can lead to errors or miscalculations.
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of the multifaceted nature of readiness as represented by the 
quantitative index.”

Internal Business Use-Cases and Qualitative Results:
I also analyzed and collected data from different depart-

ments within a software company, discussing how they plan 
to transition to using AI in other departments. Since software 
companies are on the horizon of implementing Generative AI, 
yet still with some hesitation, I found it optimal to analyze 
this industry. It is important to note that the companies within 
these industries may contain different departments and, there-
fore, other use cases for Generative AI technologies, compared 
to, for example, the medicine and hospital areas. But many ar-
eas of business apply universally.

One notable distinction in the adoption of AI technologies 
is firm size. Larger firms, such as those represented in this 
study, have more capacity to invest in new technologies and are 
therefore more likely to adopt AI. Smaller firms might adopt 
AI more selectively, focusing their choices of tools on those 
that present immediate operational efficiencies with lower 
capital investment. Further research could do more with this 
dimension, comparing the rates of adoption by firm size.

To present this data, Table 2 is separated by departments or 
areas of business that I met with individually to collect their 
opinions. These departments are divided arbitrarily as every 
business component orchestrates a business plan. As a result, 
they are organized for convenience and by groups/departments 
of people I encountered as I interned.
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Table 2: Qualitative Interview Summaries. This table summarizes key 
insights from interviews conducted across various departments regarding the 
potential and concerns of using Generative AI for their teams and tasks. The 
main findings highlight a mix of enthusiasm and caution; many departments 
see benefits in efficiency and innovation, but there are concerns about ethical 
considerations, security risks, and creativity.
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�   Conclusion 
In summary, this paper presents a comprehensive analysis of 

the readiness of countries to adopt Generative AI technology 
and how that might impact go-to-market strategies. A unique 
perspective is corroborated using the empirical framework 
combined with quantitative analysis. The quantitative results 
reveal a global distribution of AI readiness, with European na-
tions ranking near the top. This analysis includes technological 
infrastructure, regulatory environment, research and develop-
ment, cultural barriers, economic growth, and international 
collaboration. The findings of this paper highlight a signifi-
cant divide between Western and developed countries, which 
are leading the charge in AI readiness, and less-prepared na-
tions that must accelerate their efforts to remain competitive. 
Without increased investment in infrastructure and education, 
these countries risk falling further behind as AI continues to 
drive global economic transformation. At the same time, the 
qualitative outlook and interviews show the significance of cre-
ativity and value migration in determining the role of AI in 
various industries. Insights from different software company 
departments shed light on AI’s internal use cases, ranging from 
product design and marketing to finance, legal, and customer 
service.

In a larger picture, the research contributes to the growing 
literature on Generative AI adoption by offering a holistic 
view of how future econometric developments can stem from 
AI adoption. Future research could delve deeper into specific 
industries, like exploring the nuances of AI adoption within 
healthcare and examining the ethical considerations and soci-
etal perceptions of Generative AI, which would enhance our 
understanding of the usage of this technology. This would also 
complement the industry-specific study-innovation cycles, 
regulatory limitations, or labor market characteristics, and their 
contribution to the pace and nature of Generative AI adop-
tion across different verticals, such as healthcare, logistics, and 
manufacturing. Longitudinal studies that track the evolution 
of AI adoption over time, considering chronology, will also be 
valuable for business leaders and policymakers.

There are also some limitations to consider with this research. 
The data coverage for certain countries, especially those in re-
strictive regimes, is limited. Ethical consideration and societal 
perceptions, crucial factors in AI perception, were also not able 
to be quantified in the span of this project. Additionally, qual-
itative data is based on interviews from a specific industry, and 
findings may vary across different sectors.

Moreover, the rapid pace of technological developments 
means that the landscape of AI adoption is continually evolv-
ing. The data in this paper, up to 2022, will heavily rely on 
future developments that influence readiness and adoption 
patterns. Despite these limitations, the research still creates 
a foundation for understanding the complex dynamics of AI 
adoption at the national and organizational levels.
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