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ABSTRACT: The global music industry, valued at over $28 billion in 2023, is undergoing a significant transformation driven by 
advancements in artificial intelligence (AI). From composition and production to distribution and consumption, AI is altering the 
economic and creative structure of the industry. Although AI offers novel creative possibilities and operational efficiencies, it also 
disrupts traditional revenue streams, threatens the livelihoods of music industry professionals, and raises ethical concerns around 
authenticity, ownership, and inequality. This paper examines the impact of advancements in AI across the music industry value 
chain through the lens of foundational economic concepts (e.g., creative destruction, substitution vs. complementarity, market 
efficiency). It also uses the Technology Acceptance Model (TAM), which explains why people choose to adopt a new technology, 
focusing on perceived usefulness, ease of use, risks, and external influences. Using industry data and published interviews with 
music professionals, the study shows a paradox: AI makes music easier to create and access, but it also disrupts jobs and redistributes 
value across the industry. The paper highlights the complex interplay between innovation and disruption in the music ecosystem, 
underscoring the need for balanced and responsible adaptation by stakeholders.  
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�   Introduction
Music has long been both a form of artistic expression and 

a profession. Traditionally, music production required human 
creativity, technical skill, and expensive studio resources. Over 
the last two decades, digital technologies have revolutionized 
music distribution and monetization, first through streaming 
platforms and now through Artificial Intelligence (AI) driv-
en tools, on both the production and consumption sides. The 
rise of Generative AI (Gen AI) has accelerated this shift, in-
troducing tools capable of composing, producing, and even 
recommending music.

However, alongside these advancements come growing con-
cerns: Revenues in music are projected to decline by 24% by 
2028.1 Studies indicate that a majority of musicians fear de-
clining job security, and the erosion of fair compensation: 82% 
of over 4000 songwriters and composers surveyed in Australia 
and New Zealand fear AI threatens their livelihoods while in 
the UK, 68% of artists report job insecurity and declining val-
ue for their work.2,3 Beyond financial risks, musicians worry 
about reduced creative freedom as algorithm-driven platforms 
are increasingly shaping both production and consumption of 
music.4

Despite these challenges, AI is also creating new pathways 
for creativity, lowering production costs, expanding access, and 
opening global markets to independent creators.5,6 Audiences 
are also divided – some express skepticism toward AI-generated 
music,7 while others are increasingly accepting of its presence 
in their listening habits.8 In this evolving landscape, musicians 
and industry stakeholders are compelled to re-evaluate their 
roles, negotiating a delicate balance between embracing inno-
vation and safeguarding human artistry.9

Against this background, the objective of this study is to 
explore how advancements in AI affect the music industry’s 
value chain stages, such as creation, production, distribution, 
consumption, and monetization, and the resulting econom-
ic risks and opportunities for its stakeholders. This includes 
studying the impact on variables like efficiency, production 
costs, labor market change, market structure, consumer pref-
erences, ownership issues, etc. The study uses an exploratory 
method examining the perceptions of music industry stake-
holders related to the above parameters. It uses primarily two 
frameworks –AI Ripple Effect Waves (AIREW) and the 
Technology Acceptance Model (TAM). The analysis suggests 
that AI’s impact on music is shaped by both economic struc-
tures and human responses.

Literature Review:
The global music industry has grown rapidly over the past 

decade and continues to evolve at a fast pace. According to 
the International Federation of the Phonographic Industry 
(IFPI), the recorded music market reached a valuation of over 
$28 billion in 2023, driven largely by the expansion of digital 
streaming services. Streaming now accounts for more than 80% 
of global recorded music revenues, reshaping both how audi-
ences consume music and how the industry earns revenue.10 
This shift has enabled broader global reach, allowing artists 
from diverse regions to access international audiences.11 It has 
also introduced challenges related to revenue distribution, with 
concerns about low payouts per stream impacting artist earn-
ings.12

The economics of creative industries is considered unique 
because it involves the production and distribution of an intan-
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gible cultural good where creativity and innovation are central 
inputs.13 Music, like other creative products, is an “experience 
good” whose value depends heavily on subjective consumer 
preferences and cultural context,14 influencing pricing and in-
vestment decisions.15 The music industry has high fixed costs 
and low marginal costs,16 relies on project-based employment, 
and often experiences income volatility and ‘superstar effects,’ 
where a few artists capture most of the earnings.17 Its value 
chain includes artists, record labels, publishers, distributors, 
and increasingly, tech platforms and intermediaries that con-
trol digital rights and data.18 The rise of direct-to-fan models 
and independent music production has further diversified the 
market structure, reducing the dominance of major labels.19 
Studies have emphasized how these dynamics shape wage 
structures, bargaining power, and career trajectories.20

Generative AI (Gen AI), a form of machine learning that 
creates new content from training data,21 represents the latest 
disruption in the industry. In music, AI tools are now inte-
grated across the value chain: the creative process, production, 
and post-production, including distribution and marketing.22 
For composition, tools such as AIVA, Suno AI, and Amper 
Music assist musicians by generating melodies, harmonies, or 
soundscapes. For example, Orchidea provides orchestration 
suggestions, while Soundraw enables royalty-free composi-
tions tailored to user preferences. Beyond creation, AI supports 
technical functions such as voice cloning, vocal synthesis, audio 
mixing and mastering, audio restoration, and transcription.23 
AI also enhances productivity by reducing the time required 
for editing and refining content.24 Pre-production applications 
leverage machine learning algorithms to analyze musical data-
bases, recommend new melodic structures, and inspire artists.25 
In the post-production and promotional stages, AI-driven al-
gorithms can design marketing campaigns, test engagement 
strategies in real time, and optimize content for virality, en-
abling artists to interact more with audiences.23

Adoption of AI in the music industry is accelerating. A 
GEMA/SACEM survey revealed that 35% of respondents 
have used AI in music creation. The study also found that 
63% of creators expect Gen AI to be most influential in com-
position, text writing, and creative processes, with additional 
applications in recording, editing, mixing, mastering, and pro-
motional content. Genre-specific patterns are also emerging: 
AI adoption is highest in electronic music (54%), hip-hop 
(53%), advertising music (52%), and audio-visual work (46%). 
26,27 However, 64% of respondents believed that the risks of AI 
outweigh its opportunities, compared to just 11% who saw it 
more positively. According to Goldman Sachs’ Music in the Air 
(2024), 28 AI-generated music could account for as much as 
25% of recorded songs by 2030, with tens of thousands already 
being uploaded to streaming platforms every week. Major 
record labels, including Universal Music Group and Warner 
Music Group, are lobbying for stronger regulations, while re-
ports from the International Federation of the Phonographic 
Industry (IFPI) highlight declines in live session work where 
AI orchestration tools are widely used.

Independent composers, especially those working in adver-
tising and gaming, have also reported fee reductions of 30–50% 
as AI substitutes for human-created content.

Empirical findings on AI’s economic impact remain mixed. 
Li observed that moderate AI involvement in music creation 
correlated with higher profitability, suggesting that hybrid hu-
man-AI collaboration could be optimal.29 However, he found 
no clear causal link. Makridis reported no negative effects of 
exposure to large language models on artists, such as a decrease 
in income or user engagement, contradicting much of the ex-
isting literature. 30 AI tools lower costs and make it possible 
for independent musicians to create professional-quality mu-
sic without needing big budgets. This makes the music world 
more diverse, but it also means tougher competition and lower 
average income for many musicians.31 In terms of jobs, AI of-
ten takes over technical tasks like mixing and mastering, but 
still relies on humans for creative decisions.32 CISAC (2025) 
predicts that AI could cut musicians’ income by nearly 25% 
by 2028.1 As AI tools allow more people to make their own 
music, the need for professional singers, songwriters, and pro-
ducers could go down. Even for those who stay in the business, 
the availability of AI tools lowers market rates, which threat-
ens job security.33 Schumpeter’s idea of “creative destruction” 
explains how AI creates new opportunities but also replaces 
older ways of working.34 This also matches Autor’s polariza-
tion thesis that technology divides the job market into roles 
that are replaced and roles that are enhanced 31. These changes 
reflect what Brynjolfsson and McAfee call the “Second Ma-
chine Age,” when new technology changes how we work and 
produce.35 These divergent findings highlight the need for 
further research into how AI affects artistic livelihoods and 
creative outcomes.

On the consumer side, AI-driven recommendation systems 
on platforms like Spotify and Apple Music reduce search costs 
and improve market efficiency.36 However, these same algo-
rithms may create “algorithmic lock-in,” amplifying visibility 
for a limited group of artists while marginalizing others.37 Au-
dience behavior adds complexity to this study. Research shows 
that people often prefer music made by humans because they 
value the effort, uniqueness, and emotion behind it.38 If fans 
find out that a song was partly or fully made with AI, they 
might feel less connected, spend less money, and become less 
loyal.39

Taken together, existing research illustrates both the op-
portunities and challenges of AI adoption in music. While AI 
lowers barriers to entry in the music industry and enriches cre-
ative potential, it disrupts established labor markets, challenges 
cultural authenticity, and introduces new questions of fairness 
in distribution. Table 1 maps and summarizes these dynamics 
using foundational economic concepts.
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Despite the richness of existing research, a significant gap 
remains: There are only a few studies that have examined AI’s 
impact across the entire music value chain or have captured 
the lived experiences of diverse industry actors. Addressing 
this gap, this study positions AI as an external technological 
shock that is reconfiguring the music industry. Specifically, it 
investigates how AI affects the different stages of the value 
chain and how industry professionals perceive the economic 
risks, opportunities, and challenges it presents.

Accordingly, this study seeks to answer the following re-
search questions:

1. How is artificial intelligence affecting the music industry 
value chain stages?

2. How are industry professionals perceiving the economic 
risks, opportunities, and challenges posed by the advancement 
of AI and the usage of AI tools in music?

Conceptual Framework:
This study uses a conceptual lens that integrates economic 

theory with models of technology adoption. Two complemen-
tary frameworks guide the analysis: the AI Ripple Effect 
Waves (AIREW) Framework and the Technology Acceptance 
Model (TAM).

The AIREW Framework is an author-developed analytical 
framework to examine the impact of AI adoption across the 
music industry value chain. It is constructed through a synthe-
sis of existing literature and conceptualizes AI as an ‘external 
technological shock’ that triggers successive waves of transfor-
mation throughout the music industry. These waves ripple 
through different nodes of the value chain, reshaping costs, 
labor markets, consumer behavior, and market structures. By 
explicitly mapping AI’s effects to foundational economic the-
ories discussed in the literature review, the framework provides 
both an analytical structure for research and allows to bridge 
theory and observed practice.

As illustrated in Figure 1, the AIREW framework is com-
posed of four analytical layers:

1. External Shock: AI-enabled tools are introducing new ca-
pabilities in the industry.

2. Value Chain Stages: The industry is organized into five 
stages: Creation, Production, Distribution, Consumption, and 
Monetization. These stages guided the organization of qual-
itative data.

3. Codes: Derived from existing literature, these codes are 
clustered observations around five economic categories: Pro-

duction Costs & Efficiency, Labor Market, Business models, 
Consumer Preferences, Intellectual Property & Ethics, and Own-
ership.

4. Ripple Mapping: This captures how disruptions at one 
stage cascade into subsequent stages, creating cumulative ef-
fects across the value chain.

Complementing AIREW, the TAM Framework was ap-
plied to interpret the subjective perceptions of industry 
professionals. This is a framework explaining how users accept 
and use new technology, primarily based on a few factors like: 
Perceived Usefulness (does it help me?) and Perceived Ease of 
Use (is it easy to use?), External influences, and Risk percep-
tion.40-42 This was conceptualized by Fred Davis, and since then, 
widely used in the technology space with improvisation. The 
model was particularly relevant for understanding divergent 
responses to AI adoption. Within this study, TAM was used 
to explore three key strands: (1) how artists and professionals 
perceive the utility of AI in their work, (2) how accessible they 
find these tools, and (3) how external factors such as industry 
norms, regulations, or ethical concerns shape their perceptions 
and adoption behaviors.

Taken together, AIREW and TAM form a dual-lens frame-
work to look at AI’s impact on music. AIREW sees AI as a 
powerful economic shock that spreads through the entire 
industry, while TAM focuses on how individuals such as musi-
cians, producers, and listeners react to and adopt these changes. 
This integration ensures that both macro-level economic ef-
fects and micro-level adoption dynamics are accounted for, 
offering a holistic understanding of AI’s impact on the music 
industry.

�   Research Method
This study adopts a qualitative empirical design using sec-

ondary data sources, with the goal of capturing how artificial 
intelligence (AI) is perceived and experienced by different 
stakeholders in the music industry. The focus is on under-
standing both structural economic effects across the value 
chain using the AIREW Framework and subjective adoption 
dynamics using the TAM model.

Data Collection:
The study used a purposive sampling method with an objec-

tive of capturing voices from diverse professionals of the music 
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Table 1: This table shows that the impact of AI on the music industry value 
chain can be mapped to fundamental economic concepts.

Figure 1: The AI Ripple Effect Waves (AIREW) framework represents AI 
as an external technological shock that impacts the music industry. It is shown 
as a ripple cascading to the value chain stages and creating cumulative effects. 
The framework also maps these changes to economic theories.
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analysis using a deductive coding process. Codes were informed 
by literature-derived categories such as production efficiency, 
labor market effects, business model shifts, intellectual prop-
erty, and consumer behavior. This was followed by thematic 
analysis, identifying recurring patterns and relationships across 
the data.

�   Results Findings 
Table 3 presents the analysis of qualitative data. The analysis 

has been grouped into recurring themes, which highlight both 
the opportunities and challenges created by AI (Table 3), which 
are then further linked to relevant economic concepts and the-
ories (Table 4). This approach offers a clear understanding of 
how AI adoption affects production processes, labor markets, 
intellectual property, and ethical issues in the music industry.

industry, and not limiting it to only musicians and directors. 
Further, it specifically identified interviews addressing the top-
ic of the use of AI and its role in music creation, production, 
distribution, or consumption, allowing the study to capture 
informed perspectives on implication of AI adoption. These 
interviews are from recent years, ensuring the relevance to the 
current context and use of the use of Gen AI as an emerging 
technology.

Data used in this study were sourced from publicly available 
interviews of musicians, producers, sound engineers, compos-
ers, executives, and other professionals involved in the music 
ecosystem. Sources included trade journals, podcasts, YouTube 
interviews, industry reports, and social media commentary 
(Twitter/X, LinkedIn).

As the study extracted interviews published in English, data 
available in other languages could not be included. This lim-
its the representation of samples from non-English-speaking 
regions of the world. Further, the industry has several stake-
holders. While efforts were made to identify interviews from 
a diverse set of stakeholders, the lack of sufficient published 
information posed a limitation in representing the voices of a 
diverse set of stakeholders. Table 2 provides an overview of the 
selected interviewees and sources.

Data Preparation and Analysis:
Where necessary, interviews were transcribed and cleaned 

to ensure consistency. The transcripts were then prepared for 
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Table 2: The table provides an overview of the data sample used in this 
research, depicting the variety of data across roles and geographies.

Table 3: The table presents the qualitative data analysis in the form of codes 
and themes. The analysis was done through an inductive coding process 
guided by the AIREW framework (Fig 1).
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lowering costs and increasing supply (Brynjolfsson & McAfee, 
2014).35

5. Labor market effects: Session musicians and mid-tier roles 
face substitution, while hybrid roles emerge (Drew, Zincks). 
Some see AI as a threat, while others view it as a helpful tool. 
This illustrates polarization in labor markets (Autor, 2015),31 
where middle-tier jobs decline, but high-skill and entry-level 
roles remain resilient.

6. Productivity and well-being: AI can help reduce burn-
out by handling routine tasks and free time for creative focus 
(Curtiss King). This connects to opportunity cost, as AI frees 
up time for higher-value activities.

7. New Economic Arrangements and Contracts: AI is reshap-
ing business models. For example, artists like Grimes have 
introduced royalty-sharing agreements for AI-assisted songs. 
These shifts reflect broader changes in the industry, where 
contracts evolve to meet new technological realities.

8. Market Eff iciency vs. Fairness Trade-offs: Recommenda-
tion algorithms make music discovery easier but also reinforce 
concentration by promoting a limited number of artists 
(Young). This illustrates algorithmic lock-in and the superstar 
effect (Rosen, 1981), 17 where a few artists capture most of the 
attention and revenue.

9. Gaps in Legal and Ethical Frameworks: Concerns over 
licensing, ownership, and lack of frameworks persist in the ab-
sence of strong regulations (Khosrowshahi, Herndon). Weak or 
absent frameworks increase risk for artists and limit adoption. 
This highlights the importance of institutions in ensuring fair 
participation.

10. Intellectual Property Challenges: Debates continue over 
ownership of AI-generated music. Some argue for stricter pro-
tections, while others suggest placing AI works in the public 
domain (Boyd, Tomes). This reveals ongoing tensions related 
to property rights.

11. Responsible AI Adoption: Industry leaders call for bal-
anced and ethical use of AI (Pharrell, Rahman). This highlights 
the role of ethics and governance in shaping technological tra-
jectories.

Interpretation of the Findings using TAM:
To interpret the findings at a micro level, this study applies 

the TAM model, which focuses on three factors that influence 
the adoption of new technologies: perceived usefulness, per-
ceived ease of use, and external influences.

1. Reduction in Costs and Barriers to Entry: The use of AI 
production tools reduces the cost of producing music in a stu-
dio, therefore making professional-level music quality more 
accessible to independent, small-scale musicians. These tools 
demonstrate the dimensions of TAM’s specifically perceived 
usefulness (helping artists save time and money) and perceived 
ease of use (requiring little technical expertise). However, low-
er costs and easier access also result in higher competition 
and market saturation. This raises concerns about long-term 
sustainability for music artists’ careers. In accordance with the 
TAM model, such risk perception is also a determinant of 
technology use.

Thematic Analysis:
The following eleven recurring themes emerged on the ef-

fect of artificial intelligence on the value chain of the music 
industry.

1. Human–AI collaboration: AI can assist in composition 
but requires human input for arrangement and emotional 
depth (Southern, Zimmer). This reflects the economic concept 
of complementarity, where technology supports human cre-
ative work instead of replacing it.

2. Reduced barriers to entry: AI tools give access to resourc-
es, expertise, and networks that were previously out of reach 
for emerging artists (Southern). Since these tools are easy to 
use, more musicians are adopting them. Economically, this 
represents the notion of lower marginal costs, which makes it 
easier for newcomers to enter the market, while also creating 
more competition.

3. Limits of AI creativity: Despite its technical abilities, AI 
struggles with emotional expression, originality, and cultural 
context (Lehning, Khosrowshahi). This limits the adoption of 
AI in areas where authenticity is highly valued. These find-
ings support the theory of experience goods (Caves, 2000), 14 
which emphasizes the importance of human input in creative 
industries.

4. Eff iciency gains: The use of AI reduces time spent on 
routine tasks, offering inspiration and boosting productivi-
ty, speeds up production, and helps overcome creative blocks 
(Curtiss King, Boyd). This efficiency allows artists to focus 
more on creative work. This reflects technological innovation, 
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2. Labor Market Effects: The study reveals mixed percep-
tions, as some artists describe AI as a “co-creator” and others 
have issues like “displacement risk.” From a TAM perspective, 
such inconclusive perceptions reflect different evaluations of 
usefulness. On one hand, AI is perceived to be capable of en-
hancing productivity; it is readily adopted, and on the other 
hand, it is perceived as a threat to employment security; adop-
tion is resisted. Economically, these perceptions connect to the 
substitution-complementarity framework. Substitution occurs 
when AI displaces session musicians and mid-tier software en-
gineers, but large-scale production for complex projects would 
still require human expertise, and thus, complementarity is ob-
served when artists integrate AI into hybrid workflows. This 
creates “skill polarization”, because while high-end and low-
cost segments remain, the numbers and demand for mid-tier 
jobs might decline. High-profile artists can maintain their bar-
gaining power through brand identity and revenues from live 
performances. Perceived ease of use also matters, as musicians 
who find AI tools accessible are more inclined to integrate 
them, while those facing technical or creative barriers may re-
main skeptical.

3. Consumer Behavior and Market Structure: Streaming 
platforms such as Spotify and Apple Music use AI-driven 
recommendation systems to influence the listening habits of 
their users, a classic example of TAM’s dimension of external 
influences. While these systems reduce search time and help 
listeners discover new music, they can also lead to “algorithmic 
lock-in,” where only a small number of artists receive most of 
the market visibility. Musicians think that visibility and audi-
ence engagement are shaped less by their own creative output 
and more heavily by algorithmic systems, and therefore market 
control lies with streaming companies who determine who gets 
discovered. This concentration of visibility can lead to unequal 
distribution of revenue, despite more artists participating in the 
market, because only certain artists benefit disproportionately 
from recommendation visibility (Rosen, 1981).17 For consum-
ers, this can result in “hyper-personalized pricing” and targeted 
advertising, thus changing the way revenue is distributed across 
the industry. However, as more content floods the market, per-
stream payments may continue to decrease, which challenges 
artists’ long-term sustainability.

4. Industrial Organization and Market Power: With 
AI-generated music having near-zero marginal costs, econom-
ic theory predicts downward pressure on prices. At the same 
time, large technology companies and streaming platforms 
hold significant power as they control algorithms, train data, 
and influence distribution channels. This reinforces existing 
power imbalances in the industry. TAM highlights the role 
of social and organizational influences that affect technology 
adoption. The observation that platforms hold disproportion-
ate power introduces skepticism and perceived risk, potentially 
limiting broader AI acceptance.

5. Ethical and Distributional Considerations: Artists have 
raised ethical concerns such as “AI plagiarism” (allowing use 
of original work to train AI models without permission), loss 
of cultural authenticity, and unequal royalties. Such concerns 
affect not only how musicians use AI but also how an artist’s 

audience responds to its use. Research suggests that listeners 
often value authenticity and human effort over AI-assisted 
work, which means that heavy reliance on AI could negatively 
impact an artist’s reputation, even if the music itself is techni-
cally sound.

The findings show that AI adoption in music is not only 
about cost savings or efficiency. Using the TAM model, the 
findings explain why some artists adopt AI while others resist: 
those who perceive clear benefits in lowering costs or sparking 
creativity are more open to using it, while those who identi-
fy risks such as job loss, reduced diversity, or unfair royalties 
are more hesitant. Economically, this reflects the paradox of 
innovation: AI expands access to music creation but also dis-
rupts traditional careers, increases inequality, and shifts power 
toward major platforms.

Synthesis:
Overall, the findings highlight what can be called a paradox 

of innovation. On one hand, the AIREW framework shows 
how AI, acting as an external shock, spreads through the mu-
sic value chain by lowering production costs, changing labor 
market dynamics, and reshaping how music is distributed and 
consumed. On the other hand, the TAM model explains why 
the willingness to adopt is not uniform: artists’ choices depend 
not only on technical benefits such as efficiency, but also on 
their perceptions of usefulness, potential risks, and the influ-
ence of social and cultural norms.

�   Discussions 
The analysis shows that each theme can be understood 

through two perspectives: structural changes across the music 
industry value chain (AIREW) and individual adoption be-
haviors (TAM). Together, these lenses explain both the broad 
economic impact of AI and the personal decisions of artists 
and professionals.

•	 At the creation stage, AI is widely seen as useful and 
easy to use, helping artists collaborate and lowering 
barriers to entry. However, the lack of emotional au-
thenticity limits its full acceptance, since many believe 
human input is still essential for creativity.

•	 In production and labor markets, AI introduces sub-
stitution pressures, where some jobs are replaced, the 
polarization of skills happens, and where mid-level roles 
are at risk the most. These structural effects are accom-
panied by individual perceptions of risk: some musicians 
adopt AI to improve efficiency, while others resist it due 
to fears of displacement.

•	 In distribution and consumption, Algorithms on stream-
ing platforms make music discovery more efficient but 
also raise concerns related to fairness by concentrating 
visibility among a small group of artists. Platform pol-
icies and external influences strongly shape how artists 
adapt their strategies in this environment.

•	 On monetization and ownership, the new models of 
royalties and contracts, and debates about ethical use 
of AI, highlight the lack of clear legal and institutional 
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frameworks. These gaps create uncertainty, but they also 
drive discussions about responsibility and fairness in the 
industry.

To summarize, Table 4 provides a dual-lens mapping of each 
theme, connecting the structural effects identified through 
AIREW with the adoption dynamics explained by TAM, 
alongside relevant economic concepts.

Taken together, the dual-lens analysis suggests that AI’s 
impact on music is shaped by both economic structures and 
human responses. This means that technological change in 
the music industry is never purely about innovation – it is also 
about how individuals, institutions, and society choose to in-
terpret and adapt to it.

The results are consistent with studies done in other sectors 
also, e.g. in manufacturing sector, one of the study reported that 
use of AI has shown significant improvements across the value 
chain stages by improving processes, optimization, quality con-
trol etc., thus leading to internal competitiveness.54 Another 
study reports that low skilled labor are more likely to be dis-
placed with the deployment of AI. The same study also reports 
that the level of development of AI and the total amount of 
employment is a positive U-shaped relationship, where in the 
short term, the effect is dominated by the substitution effect, 
and in the long term, it is dominated by the creation effect.55 
In human resource-intensive industries like journalism, studies 

reported that AI is creating opportunities and tensions in the 
newsroom where it could enhance the capabilities of journalists 
by saving time, improving the efficiency of the news-making 
processes, and, therefore, improving the overall mass media 
industry’s productivity. But there are also fears and related to 
ethical issues that call for control and supervision of the pro-
cesses involved. 56

By combining TAM with economic theory, this study 
contributes a nuanced understanding of how technological 
adoption in creative industries depends not only on financial 
benefits but also on various factors like perceived usefulness, 
ease of use, access, and various external factors such as social 
and organizational influences, alongside the risks and opportu-
nities that come with it.

Limitations of research:
•	 As the research relied on published data, the researcher 

could not influence the framing of interview questions 
or context.

•	 Public interviews may carry biases, as participants shape 
responses for audiences.

•	 Only interviews in English were analyzed, which 
excludes potentially important perspectives from 
non-English-speaking markets.

•	 The music experts’ purposefully sampled above are from 
the following regions: the US, Germany, Canada, Iran, 
India, and the UK. The industry experts sampled do not 
include many South and East Asian countries, as well as 
the Middle Eastern countries. Such geographical lim-
itations limit the generalizability of the findings.

•	 The music industry has several stakeholders and roles. 
Efforts were made to identify interviews from a di-
verse set of stakeholders; however, the lack of sufficient 
published information available in English posed as a 
limitation towards representing the voices of all stake-
holders.

•	 Future studies involving data from other regions and 
roles in the industry could potentially inform the re-
search questions better.

�   Conclusion 
Artificial intelligence is reshaping the music industry in mul-

tiple ways. It lowers production costs, alters patterns of labour 
demand, and transforms consumer behavior. From an econom-
ic perspective, AI makes music easier and cheaper to create, 
therefore opening doors for more people. But it also raises 
problems, such as unfair income distribution, reduced cultural 
variety, and the risk of large companies dominating the market.

This study provides a comprehensive examination of these 
changes by studying interviews and perspectives from people 
in the industry, using the AIREW framework, which traces 
how AI acts as an external shock that ripples through creation, 
production, distribution, consumption, and monetization stag-
es of the music industry value chain. The TAM Framework 
enriched the analysis by showing that adoption patterns are 
not uniform and helped explain why artists and technicians 
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Table 4: The table maps the themes that have emerged from the research 
with value chain impact as well as adoption dynamics. This shows how the 
effect of AI on the music industry can be understood both at the industry level 
and also on an individual level. The table further maps the themes with the 
relevant fundamental economic concepts.
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decide to use (or avoid) AI, focusing on factors like usefulness, 
ease of use, risks, and external pressures such as market norms 
and policy environments. Importantly, TAM highlights how 
personal beliefs and social pressures affect whether AI is wel-
comed or resisted, connecting economic theories with the real 
experiences of artists.

The dual-lens analysis underscores that AI’s impact on music 
is mediated by economic factors, perceptions, and institutions, 
and therefore not uniform. The findings also underscore a 
paradox: AI simultaneously fosters innovation and democra-
tization while threatening cultural diversity, equitable income 
distribution, and professional sustainability.

Looking ahead, the long-term impact of AI on music will 
be shaped by regulatory responses, public attitudes toward 
machine-generated creativity, and the adaptive strategies of 
musicians and industry stakeholders. Future research should 
consider cross-regional studies (Comparative studies across 
global music markets could shed light on adoption patterns 
shaped by regional contexts) and include more quantitative 
analyses of royalty patterns, musician incomes, and whether 
audiences prefer human-made over AI-made music, which 
would give useful insights for both policy and industry. This is 
important to make sure AI brings innovation while also pro-
tecting fairness and cultural richness.

In the end, the real challenge for the music industry is not 
simply about harnessing AI’s efficiency gains but also ensuring 
that technological adoption enhances rather than erodes the 
human essence of music.
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